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AI

The era of enterprise AI experimentation 
is ending, and the time for scaling AI 
deployments is here. In our biggest survey of 
business leaders to date, we have found that 
about 20% of AI use cases are now delivering 
on all business objectives, and that just over 
30% of use cases are on the cusp of doing so.

As costs for AI look to tumble in the wake 
of DeepSeek and the emergence of other 
potentially more frugal language models, 
we will see an acceleration of AI use cases 
that achieve viability for business, resulting 
in a mass expansion of AI agents across an 
average enterprise over 2025. 

Managing this will require leaders to take 
transformation of their business seriously. 
Our research identifies a strong link between 

AI success and the changes that a business 
makes to its operating model and data 
structures. It also finds that engaging the 
workforce is the most important driver of 
successful AI outcomes. 

To uncover these insights, Infosys surveyed 
3,798 senior executives in the US, Europe, 
Australia, and New Zealand and interviewed 
more than 30 senior executives. The message 
from our respondents is clear. AI is being 
adopted and deployed across all elements of 
business, core and noncore. 

However, success is still not guaranteed. This 
report provides a useful guide to those at this 
critical juncture and provides clear insights 
and direction toward building a successful 
enterprise AI future. 

EXECUTIVE 
SUMMARY
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Enterprise AI: Time to scale success

More than half of AI initiatives deliver positive 
impact, with about 20% achieving most, or 
all, of the business objectives for which it 
was designed. IT-related use cases, including 
operations, cybersecurity, and software 
development, are more likely to deliver 
positive outcomes. Human-focused use 
cases, such as those in marketing, customer 
services, sales, and workforce, are less likely to 
deliver positive outcomes, but as companies 
invest more in these areas, they will see 
more success.

Success, spending, and transformation

Successful AI use cases are often those that 
have had more investment and require more 
transformation in an organization’s operating 
models and data architecture. However, this 
is not always the case. Many use cases are 
opportunistic, and many more will become 
so as the costs of AI fall. 

Workforce readiness drives most success 

Companies with an engaged and supported 
workforce deliver significantly better 
outcomes from AI than those companies that 
are still halfway toward training and engaging 
with their employees on AI. 

Up to 18 percentage points can be added 
to the chance of success of AI if a company 
has fully established change management 
AI training processes, and is involving its 
employees in decision-making about AI. This 
shows that it’s critical not to leave humans 
out of the loop.  

Be bold to get the value

The report recommends five steps to become 
AI-first and generate business value from AI 
deployments:

1. Explore agentic AI for enterprise 
transformation.

2. Innovate through using an AI foundry and 
an AI factory.

3. Prepare your workforce to ensure best 
outcomes for AI.

4. Go product-centric for speed, agility, and 
autonomy.

5. Create a centralized AI task force
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This report sets out to uncover the dynamics 
that drive successful AI outcomes within 
business. Our survey of 3,798 senior 
executives asked about activity across 132 
different AI use case types, across a pool of 
more than 3,200 companies with over $1 
billion in revenue in the US, Canada, UK, 
Germany, France, Nordics, Australia, and New 
Zealand. Total spending to date reported by 
these respondents across their selected use 
cases amounted to $135 billion. 

To identify which areas of business AI are 
being used most, and most successfully, we 
presented respondents with list of 55 use 
case types across 14 functional categories 
(Appendix A). These categories comprised 
business functions such as marketing, finance, 
human resources, and product development, 
all of which are horizontal functions that are 
more or less similar across all industry sectors. 

We also presented each respondent with a 
handful of industry-specific use case types 
appropriate to their sector. In total, there were 
77 industry-specific use case types across 15 
industry sectors (Appendix A). 

Respondents picked the five functional 
categories they were most interested in 
alongside their industry-specific category, 
and within each category they indicated 
which use case types they were pursuing. 
For each of these use case types, they then 
indicated how far they had progressed in 
deployment, and if they had succeeded in 
achieving business objectives or not. 

This was a self-selecting sample, in that 
respondents only provided details for the 
top five use case categories in which their 
business is already interested. This is why 70% 
of the AI initiatives were reported as past 

AI

DRIVERS 
OF VALUE
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the deployment phase. Typically, we would 
expect far more projects that had failed, been 
canceled, or are still in pilots, for what is such 
an early stage and experimental technology.

But which AI use cases will be the first 
to break through into enterprise-wide 
deployments? To understand this, we gave 
each use case type a viability score. This 
score is based on an average weighted 
sum of deployments achieving some or all 
business objectives, divided by the number 
of respondents that pursued that use case 
type. It shows how likely a use case type 
is to deliver business outcomes (weighted 
more for those achieving most or all business 
objectives), with a score over 1 being more 
likely, and those below 1 being less so.

The viability score varies significantly based 
on several statistically significant factors. 
These can include the acceptance level 
of users, the industry of the respondent, 
the amount of transformation the use 
case requires within the business, and the 
preparedness of employees.

Each of these is covered in this report and 
will be covered in further detail in following 

Figure 1. Stage of use case deployments across the research sample

Select Plan Pilot Deploy

4%
No plans

10%
Still in
planning

9%
Still in
pilot

5%
Canceled
Pre-deployment

11%
Canceled postdeployment

9%
No value achieved

32%
Partial value achieved

19%
Most value achieved

Enterprise AI: Time to scale success

Despite the sample bias, it is heartening to see 
that 19% of AI initiatives are achieving most, 
or all, of their objectives (Figure 1). Moreover, 
32% are partially successful. Together this 
means that on average 50% of AI initiatives are 
providing some positive impact, even if they 
are not yet meeting all objectives fully.

This suggests that organizations are 
getting better at experimenting with, 
developing, and deploying AI technologies 
within their business. It also implies that 
in 2025, companies will shift focus from 
AI experimentation to AI deployments 
with proven business value that are 
scaled across the enterprise to deliver 
transformative impact.

Source: Infosys Knowledge Institute
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publications from the Infosys Knowledge 
Institute. In this report we look at the 
overarching dynamics that affect the success 
of AI use cases in business.

(Figure 2). More than a third (38%) of 
respondents have selected use cases 
within our IT, operations, and facilities 
category, which has a viability score of 1.11 
and includes use cases such as incident 
management and ticketing, AI-orchestrated 
processes, and smart building automation.

Following this is the less pursued, but much 
more successful, category of cybersecurity 

38%IT, operations, and facilities

30%Cybersecurity and resilience

30%Software development

26%Marketing

24%Customer service

24%Sales and revenue

23%Workforce

23%Fraud, risk, and compliance

22%Product development

22%Finance

19%Manufacturing

19%Content intelligence

18%Supply chain

17%Sustainability

Top 5 selection rate

IT-focused
use cases

Human-focused
use cases

A viability score above 1 indicates a use case type is more likely to deliver business objectives, with a score less than 1 being less
likely. The viability score is the weighted average of deployments achieving some or all business objectives compared to the total
deployments of the use case type.  The selection rate is the percentage of respondent indicating their company is pursuing AI
within a category.

Average selection: 24%
Average viability: 1.02

Viability

1.200.80

IT use cases dominate

Among functional use case categories, it’s 
clear that IT-related areas are both most 
viable and most popular with respondents 

Figure 2. IT use cases have high selection rates and are much more viable

Source: Infosys Knowledge Institute
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and resilience monitoring. The high viability 
of this category is entirely carried by use 
cases that are related to enterprise resilience 
monitoring which had the highest average 
viability in our survey (1.30). Other use  
cases in this category related to threat 
and anomaly detection had an average 
viability score.

Software development was about as popular, 
with 30% of respondents pursuing this 
category and achieving notably high viability 
scores for use cases such as automating code 
development (1.14) and developer code 
assistants (1.09).

Marketing, sales, and people next 

It should not be a surprise that IT use cases 
are at the forefront of companies’ AI efforts, 
and that they’re delivering high levels of 
success. This is the natural home for AI tools 
due to the already highly digitized and 
computational nature of these functions. 

What is interesting is that almost a quarter of 
companies are pursuing marketing, customer 
services, sales, and workforce use cases (as 
part of their most pursued AI areas), yet 
viability scores on average are relatively poor. 
These human-focused functions have been 
digitized significantly in the past 20 years. Yet 
it seems that AI success is still not guaranteed.

For instance, AI viability scores are slightly 
above average for well-understood use 
cases such as marketing asset creation (1.10), 
chatbots (1.07), workforce management, 
and scheduling (1.03), or sales strategy 
optimization (1.03).

However, many seemingly simple use case 
types are not yet delivering consistently 
strong outcomes. These include use cases 
such as finding cross-sell opportunities (0.79), 
customer segmentation (0.83), personalized 
customer service (0.91), and talent 
acquisition (0.94). 

In our view, it is only a matter of time before 
companies start seeing higher success 
rates in these areas. In fact, together these 
categories account for 24% of the total 
spending on AI use cases across our sample. 
Spending on marketing, sales, and customer 
service alone is equal to that spent on the 
three IT-focused use case categories in 
Figure 2. That suggests that viability for these 
categories will catch up soon as well.

The white-collar advantage 

Considering viability across different industry 
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sectors, white-collar and highly technical 
industries tend to lead. So, professional 
services and life sciences sectors outperform 
other industries in terms of their viability 
score — defined as the likelihood that their 

Figure 3. White-collar industries dominate value creation, blue-collar further behind

AI deployments will achieve all business 
objectives (Figure 3). 

Life sciences likely leads in this area because 
it brings together many factors that help 

1.18

1.17

1.13

Viability

Professional services

Life sciences

High tech

1.09Telecommunications

1.05Insurance

1.01Energy, mining, and utilities

1.00Logistics

0.99Financial  services

0.98Consumer packaged goods

0.94Healthcare

0.92Travel and hospitality

0.90Automotive

0.89Retail

0.87Manufacturing

0.81Public sector

Industry

A viability score above 1 indicates a use case type is more likely to deliver business
objectives, with a score less than 1 being less likely. The viability score is the
weighted average of deployments achieving some or all business objectives
compared to the total deployments of the use case type.  

Viability

1.200.80

Source: Infosys Knowledge Institute
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support strong AI outcomes. This industry is 
staffed by a highly qualified and technically 
minded workforce. Its core business involves 
processing and analyzing proprietary data, 
over which it has strong controls. And 
perhaps more important, it is very product-
oriented, with the business organized around 
drug discovery and development initiatives. 

This is compared to financial services, which 
sits in the middle of the viability ranking, 
despite sharing many similar characteristics 
to the life sciences industry. For instance, they 
both employ highly qualified staff, and deal 
with large volumes of highly regulated data. 
However, data in financial services is often 
fast-moving, free-flowing across multiple 

business and product lines, and is a mix of 
proprietary and third-party data. The industry 
is also held back by a large reliance on legacy 
infrastructure and complex challenges over 
modernizing toward broad cloud computing 
adoption. 

We can also see that the bottom of the 
chart is dominated by industries that involve 
significant interface with consumers or the 
public, and which rely on physical assets as a 
core part of their service offering. Healthcare, 
retail, public sector, and travel and hospitality 
all sit in the bottom half of our viability 
ranking, and all rely on a significant element 
of their service being provided by people and 
through bricks-and-mortar or physical assets.
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Our research uncovered more than just 
insights on viability. Respondents also 
reported how much they had spent, and 
what the user acceptance level was for 
each use case. But most notable was that it 
also asked respondents about the “required 
transformation.” This is the amount of 
change to existing data structures, technical 

architecture, and business operating model 
or business processes that a use case 
requires in order to be implemented. 

When plotted together with average 
spend and viability, a clear pattern emerges 
regarding the transformational impact 
that AI will — if not must — have on the 

AI

SUCCESS, 
SPENDING, AND 
TRANSFORMATION
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Transformational use cases
have high viability and levels
of spend

Some highly viable use cases
have not attracted much
spend -- but could be easier
to implement
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Adjusted average spending is adjusted for company size, where 1 represents the average spending per implementation
($1.96 million). A viability score of 1 indicates an average likelihood to deliver business objectives. A required transformation
score of 1 indicates an average amount of changes needed to operating model and technical architecture for implementation.

Required transformation

HighLow

1.200.80

Figure 4. Transformational use cases have higher success rates and attract highest spend

business in order for it to be successful 
(Figure 4). 

The first thing of note is that there is a 
significant positive correlation (p <0.0001) 
between average spend on each use case 
and viability: the more likely a use case is to 
be successful, the more that was spent on it 
on average — and vice versa. 

The second thing is that the use cases that 
require more transformation are generally 
those that have had the most money spent 
on them. This can be down to two things: 
(a) companies value the outcomes of these 
use cases higher, and therefore are willing 

to invest more; and (b) these use cases incur 
more cost to deploy because they require 
more transformation in the organization to be 
effective.

We have named these transformational use 
cases because they require an organization 
to change its operating model and data 
structures for it to work. These use cases 
literally transform the organization around 
them through the nature of their being. 

It is unsurprising then that the most 
transformational use cases are also industry-
specific use cases, because these touch 
on core parts of the business. In fact, the 

Source: Infosys Knowledge Institute
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proportion of industry-specific to functional 
use cases in the top right of the graph is 2:1 
— or 19 industry-specific and nine functional 
use cases.  

These core use cases include claims 
processing and telemetry in insurance; 
energy trading in energy, mining, and utilities; 
AI-driven new product launch execution in 
consumer packaged goods; and AI-powered 
navigation systems with fleet management 
in the automotive industry. These are often 
use case areas that can help a company 
differentiate its core product in its market and 
therefore are critical to the functioning of the 
business.

Our analysis strongly suggests that 
companies are spending more on 
transformational use cases that are core 
to their business — and that these are the 
use cases most likely to deliver on business 
objectives if successfully deployed. In fact, 
we have found that focusing on these 
transformational use cases can uplift a 
company’s chance of achieving AI business 
objectives by 3 percentage points. 

Spend less, today and tomorrow
 
There are successful AI use cases that neither 
require significant transformation nor need 
high levels of spend to succeed. This cluster 
of use cases (circled in green) is more 
established and tend to be more functional 
than industry-specific. There are 22 functional 
use cases in this cluster, compared to 14 that 
are industry-specific. 

This cluster includes well-understood or 

mature functional use cases such as IT 
operations, software development, chatbots, 
financial reporting and cashflow forecasting, 
fraud detection and risk analytics, marketing 
asset creation, or supply chain optimization.

These are good bets for companies looking 
for low risk, low effort, and potentially lower 
cost AI wins. This is because they require 
much less change to the organization and 
data architecture, and they are more likely 
to be successful with relatively low levels of 
spending.

But spending could become less of a barrier 
to success in future. The release of DeepSeek’s 
R1-Zero model in January 2025 shocked the 
market when it was revealed that it could 
provide comparable performance to leaders 
such as OpenAI but at 6% of the training cost. 
Meanwhile, in February, a research team from 
University of California Berkeley announced 
that its TinyZero model had recreated the 
core function of the R1-Zero model for a cost 
of $30. 

If costs for AI models continue to fall in this 
way, and can be maintained at such low 
levels, this could shift the calculus of AI 
viability. Use cases that did not score highly 
in our viability model could well start to 
become more viable as companies are able 
to invest more in them as the fundamental 
cost of doing AI falls.

The future could quite quickly see many 
use cases uplifted to higher viability scores 
as falling costs enable higher levels of 
investment in experimentation, deployment, 
and transformation around each.  

https://www.forbes.com/sites/maryroeloffs/2025/01/27/what-is-deepseek-new-chinese-ai-startup-rivals-openai-and-claims-its-far-cheaper/
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Agentic AI, a key to transformation actions, and learn from experiences. They can 
also be orchestrated together to enable end-
to-end processes. 

This approach is both incremental and closely 
linked to specific business value goals at each 
step. This is why we recommend that agentic 
AI should be at the center of an organization’s 
enterprise AI transformation. It’s also why we 
predicted recently that agentic AI would be 
a Top 10 AI imperative and increasingly be 
guiding employee decisions and processes 
over 2025-2026.

In fact, orchestration of AI agents is the most 
commonly pursued AI use case type in our 
sample, and it has a high viability score of 
1.16, placing it in 90th percentile of viability 
for all use cases. This supports our belief that 
agentic AI will develop significantly over the 
coming year and will be the driving force 
of enterprise transformation as it reshapes 
business processes, operating models, and 
technical architectures.

Falling AI costs in the future could accelerate 
AI use case viability, but will not remove the 
requirement to transform business operating 
models and data architecture to make many 
AI use cases work. Such transformation 
is difficult, and many companies are not 
prepared, as we found in our Enterprise AI 
Readiness Radar published in late 2024. 

Ideally, such changes are made incrementally, 
aligned with clear business value at each 
step, while being delivered with supporting 
change management investments. Ironically, 
it is one of the most successful AI use cases 
identified in this research that can help here.

Agentic AI is an approach in which 
organizations create multiple small AI agents, 
each playing a specific role or carrying out a 
specific task. These agents have a degree of 
autonomy and act on their own to achieve 
specific goals. They can make decisions, plan 

https://www.infosys.com/iki/research/top10-ai-imperatives-2025.html
https://www.infosys.com/services/data-ai-topaz/insights/enterprise-ai-readiness.html
https://www.infosys.com/services/data-ai-topaz/insights/enterprise-ai-readiness.html
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While transformation is crucial, its success 
hinges on how well a company’s workforce 
engages with and adapts to the changes. 
Our research found that organizations with 
deliberate workforce-preparation strategies 
significantly outshine those that deploy 
AI use cases without fully supporting their 
employees.

To come to this finding, we asked 
respondents to indicate which of the 
following definitions in Figure 5 best matched 
their own company’s employee engagement 
with AI. We then categorized them into four 
archetypes. 

Trailblazers represent the pinnacle of 
readiness and have woven AI into the 
daily muscle memory of employees. They 
offer robust training, cultivate a culture of 
continuous learning, and foster feedback 
loops so that staff can shape how AI is applied. 

Figure 5. Workforce readiness archetypes 

Archetype De�nition

Watchers Minimal engagement with employees on AI.
Limited or no training, education, or
change management initiatives are in place. 

Initial steps taken to address AI. Limited
change management practices; employees
have minimal involvement or support in
understanding AI’s role.

Explorers

Regular training and educational programs
on AI, with growing employee engagement.
Change management practices are starting
to support employees in adapting to AI
changes, though some uncertainty persists. 

Path�nders

Fully engaged in continuous AI training,
education, and change management.
Employees are fully supported in
understanding and adapting to AI, and their
feedback actively informs AI deployment
strategies.

Trailblazers

ENGAGED STAFF 
DELIVER BEST 
RETURNS

Source: Infosys Knowledge Institute
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At the other end of the spectrum, Watchers 
only minimally engage with employees on AI, 
leaving them to engage and work with AI on 
their own initiatives. In our sample there were 
about as many Watchers (17%) as Trailblazers 
(16%) (Figure 6) — indicating just as many 
companies are doing almost nothing as going 
all in on preparing their workforce. 

Two-thirds of respondents fell in the middle, 
in either Explorers or Pathfinders (Figure 6). 
Explorers are those that have taken initial 
steps to educate and support their staff with 

Figure 6. Most are Explorers or Pathfinders

16%Trailblazers

Watchers 17%

31%Path�nders

Explorers 35%

AI, and Pathfinders have gone that much 
further, but still not far enough, which means 
there is still some uncertainty around AI 
policies, expectations, and tools. 

As might be expected, Trailblazers enjoy the 
highest levels of success across all archetypes 
(Figure 7). They achieve significantly higher 
levels of major success (the chance of a use 
case achieving all its business objectives), as 
well having a higher average viability score 
for their AI initiatives. 

User acceptance of their AI use cases is 
also much higher. Acceptance is the score 
respondents gave for each use case to 
indicate how easily their users or customers 
adopted and accepted the outputs of 
an AI use case. Interestingly, we found a 
strong correlation between the acceptance 
score of use case types and their required 
transformation. This suggests that user 
acceptance grows in line with efforts to 
transform the business around an AI use 
case, which is another reason to engage 
employees in the process.Source: Infosys Knowledge Institute



18  |  AI Business Value Radar External Document © 2025 Infosys Limited 

Knowledge Institute

Go all in, or nothing 

The surprising finding is that Explorers 
and Pathfinders — those that are midway 
on workforce preparation — are worse at 
delivering AI value than Watchers, who have 
done nothing to prepare their employees. In 
fact, Watchers outperform or nearly tie with 
Pathfinders — and do much better than 

Explorers — on all our performance metrics 
(Figure 7). This suggests that companies that 
begin, but do not finish, their AI workforce 
preparation journeys are at risk of holding 
back their AI outcomes. More concerning  
is that this is where most companies sit  
today. 

The message here is not that you should 

Figure 7. Trailblazers in workforce prep have highest viability and acceptance

Probability of achieving
most or all objectives Viability Acceptance

Workforce
preparation

32%Trailblazers 1.34 1.14

Watchers 21% 0.97 1.02

19%Path�nders 1.01 0.99

Explorers 14% 0.78 0.90

Source: Infosys Knowledge Institute
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aim to be a Watcher, as their AI success rates, 
viability, and acceptance scores are still very 
poor. Instead, companies that have begun 
their AI workforce preparation journeys must 
focus on finishing them. The benefits are 
clear. Explorers can expect a 18 percentage 
point uplift in the chance of use cases 
achieving all business objectives. Pathfinders 
can expect a 13 point increase of the same.

Statistically speaking, this means that 

investing in AI education, on the job training, 
change management and engaging 
employees in the development and feedback 
of AI systems can return bigger benefits 
than focusing on operating model and data 
architecture change alone. 

The message is clear: Those companies that 
leave their workforces out of the equation risk 
missing out on the promised benefits of the 
enterprise AI era. 
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It’s clear from our research that to achieve 
transformative value from AI, companies 
need to focus on transforming their own 
organizations. And this means transforming 
operating models, data architecture, and 
engaging the workforce in AI. 

Of course, companies have undergone major 
transformations before, not least of which has 
been the digital transformation of the past 20 
years. But AI transformation is different — as 
people are involved in shaping and training 
AI in a way that they were not for earlier 
digital transformations. 

“You can’t approach AI in the same way you 
approach digital projects,” says Satish H.C., 
executive vice president and chief delivery 
officer, Infosys. “More foundation is required, 

as are high-quality data, guardrails, and 
continuous fine-tuning.” 

The era of enterprise AI will result in 
profound change that will challenge today’s 
organizational hierarchies, governance 
structures, communications channels, and 
work schedules. What a team — or whole 
business division — might have spent weeks 
doing in the past could in the future take 
just minutes and involve a tiny number of 
humans.

Understanding the ramifications of this future 
and designing for it can only be done while 
also building it. And as the costs for AI fall, 
more companies will gain the confidence to 
do more in this field in the hope of achieving 
competitive advantage. For those bold 

BE BOLD TO 
GET VALUE



AI Business Value Radar  |  21External Document © 2025 Infosys Limited 

Knowledge Institute

enough to start down this path, the following 
five recommendations help guide the way to 
success:

1. Explore agentic AI for enterprise 
transformation.

2. Innovate through using an AI foundry and 
an AI factory.

3. Prepare your workforce to ensure best 
outcomes for AI.

4. Go product-centric for speed, agility, and 
autonomy.

5. Create a centralized AI task force.

transformations they need to engage with to 
benefit more broadly from AI. Agentic AI will 
also help prepare the workforce for a future 
of human-machine collaboration. In this new 
era, AI will execute decisions, with humans 
governing the process (Figure 8).  

Indeed, agentic AI systems can make 
decisions, plan actions, and learn from 
experiences. In the past year alone, Google, 
Microsoft, OpenAI, and others have invested 
in software libraries and frameworks to 
support agentic functionality. 

Unlike traditional assistive tools, these 
intelligent agents function as behind-
the-scenes workhorses. For example, in 
software development, one agent might 
be responsible for writing code, another 
for testing, and another for critiquing. For 
individuals, a virtual assistant, for example, 
could plan and book a complex personalized 
travel itinerary, handling logistics across 
multiple travel platforms.

Figure 8. AI agents will reshape work

The workforce of the future is hybrid

Humans

AI-augmented
humans

Autonomous
AI agents

Some roles and employees will see limited change with AI

AI-enabled tools and workspaces will empower employees,
amplify their potential, and increase productivity and
satisfaction

Some work will be handled by AI agents with human
supervision and oversight

Today Tomorrow

Source: Infosys Consulting

1. Expand agentic AI orchestration

Deploying and orchestrating agentic AI 
systems is a foundational step for effective 
enterprise AI. Our research identified it as 
a low cost, low effort, and highly viable 
use case. And by its nature, it will support 
the experimentation and incremental 
deployment of AI that will help organizations 
understand the process and operating model 
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Agentic AI enables a future in which many 
different autonomous AI tools interact across 
a business with employees, customers, data, 
and applications. Leaders and employees 
will need to learn how to work with, and 
collaborate with, AI systems that have these 
capabilities.

2. Innovate with an AI foundry and factory

“Small wins through AI use cases are an 
important step toward enterprise AI,” says 

Sunil Senan, senior vice president and 
business head, data, analytics, and AI, at 
Infosys. These small wins lead to people 
accepting and trusting AI, prerequisites for 
adoption.

But small wins also need to scale quickly, 
and for this companies need a two-speed 
approach to innovation on AI. They can 
establish an AI foundry to experiment with 
and incubate new technologies, develop 
new patterns, and test use cases. Then an 

Figure 9. Innovate at speed and scale
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AI factory can turn the learnings from the 
foundry into products (Figure 9). 

The foundry and factory together can form 
the hub of AI innovation, experimentation, 
value realization, workforce engagement, 
and source of governance for an enterprise 
in the early stages of AI deployments. For this 
reason, it’s important that they are not treated 
just as innovation labs delivering novelties 
but as the engine of AI transformation tasked 
with driving the organization forward on its 
enterprise AI journey. 

3. Engage with the workforce 

The data could not be more clear. The single 
biggest factor driving AI success is whether 
a company has engaged with its workforce 
on AI effectively. The fact is that if employees 
do not use the AI tools that have been built 
for them, it will be impossible to get them to 
deliver any value. 

Indeed, those Trailblazers that represent 
the gold standard of engagement enjoy 
AI success rate improvements of up to 18 
percentage points. Trailblazers do four things 
really well: 

1. They fully engage their employees in 
continuous AI training, education, and 
change management. 

2. They actively address and mitigate 
employee concerns about job impact, 
explainability, compliance, costs, and 
cultural barriers through transparent 
communication and involvement. 

3. They fully support employees in 
understanding and adapting to AI.  

4. They ensure that employee feedback 
actively informs AI deployment strategies.

To enact this sort of change, it’s imperative 
that senior leadership is the driving force. 
“Resistance to change is a common barrier to 
AI adoption, particularly among operational 
teams burdened by daily tasks,” says one 
consumer packaged goods executive 
we spoke to. “Overcoming this requires 
leadership-driven initiatives that emphasize 
long-term benefits over short-term 
disruptions.”

Being clear on the corporate vision is 
important. Ensure all understand what is at 
stake, what the ultimate objective is, and 
how they will benefit from the journey. The 
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vision will — and must — evolve over time. 
What is important is that it is articulated and 
communicated regularly, and that it defines 
the overall purpose and direction for AI in 
your business.

It’s also important that employees know 
where and how they can access and 
experiment with AI, so they can also 
champion AI, and be part of testing and 
designing the company’s enterprise AI future. 

4. Go product-centric for speed and agility

Effective AI experimentation and deployment 
requires nimble, autonomous teams that 
define, design, and deploy their own tools for 
their specific uses. To achieve this requires a 
product-centric operating model (Figure 10).

In this setup, product and platform teams, led 
by a product owner and working in an Agile 

cadence, are grouped to orchestrate an end-
to-end customer journey. Employees are in 
charge of their own success and empowered 
with the tools and guardrails to act fast and 
responsibly. 

This is an ideal model for scaling AI. 
Employees are autonomous but the 
guardrails for responsible AI are enablers, 
not barriers, for speed and agility (see also 
Recommendation 5). These guardrails ensure 
a well-governed and controlled environment 
to minimize cost and risk, but maximize 
experimentation and speed. Balancing this 
effectively will be crucial for organizations as 
they look to derive ever more value from AI 
implementations. 

5. Create an AI governance task force

AI will only be successful if it’s accepted by 
users, and we believe that this acceptance 

Figure 10. A product-centric model democratizes and atomizes AI development
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https://www.infosys.com/iki/perspectives/product-centric-value-delivery.html
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hinges on responsible AI hygiene. Infosys  
has defined 12 principles of responsible AI 
(Figure 11) that can help guide organizations 
toward building effective governance 
foundations for strong user trust and 
acceptance of AI. 

A centralized responsible AI task force will 
support AI acceptance — and it will reduce 
risk from AI. This task force should focus on 
adoption and implementation to ensure that 
ethics are not overshadowed by business 
imperatives. 

At Infosys, the Infosys Responsible AI Office  
is the custodian of AI governance and 
facilitates collaboration across functions.  
The office establishes and maintains a 
governance framework and defines policies, 
procedures, and decision-making processes 
related to AI.

The task force will enable organizations to 
maintain focus on their AI objectives and to 
course-correct when new regulations, data, 
and policies require a different approach. 

For example, if a company sets out to develop 
a health tracker app but fails to define the 
value of user privacy, the product can drift 
from helping users understand their health 
to selling user data to health insurance 
companies. As soon as customers become 
aware of this, acceptance and viability of the 
app will plummet.  

Recent research found that 48% of 
companies that implement responsible AI 
and communicate their efforts experience 
enhanced brand differentiation — reason 
enough to establish a responsible AI task 
force as a core part of enterprise AI-first 
strategy.

Figure 11. The 12 principles of responsible AI
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Based on interviews with SMEs and desk 
research, we collated 55 use case types across 
14 categories (Figure A1). We similarly collated 
77 industry-specific use case types across 
15 industry sectors (Figure A2). All use case 
types are themselves at a level of abstraction 
higher than a specific use case, to make the 
survey manageable — but also relevant for all 
respondents. 

The survey asked respondents to select up 
to five functional categories out of 14 (Figure 
A1) where their companies are pursuing 
AI. Each category had between two and 

six common use case types (for example, 
product recommendation use cases in the 
sales and retail category). For each use case 
type within a category, respondents were 
asked about the stage of implementation of 
their initiative(s). Options for this question 
were: No plans to implement; Planning; 
Created proof of concept or pilot; Canceled 
before deployment; Deployed, not generating 
business value; Canceled after deployment; 
Deployed, generating some business value; 
Deployed, achieving most or all objectives. 
Respondents were then asked about the 
amount of spending for that use case 

APPENDIX A: 
USE CASE TYPES 
USED IN THE 
SURVEY
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Figure A1. Functional categories and their use case types

Capability Use case type Capability Use case type

1. Content
intelligence

• Generate content
• Manage content
• Analyze content
• Content performance

8. Fraud, risk,
and compliance

• Fraud detection and prevention
• Risk modelling and analytics
• Compliance

2. Customer
service

• Improve/support customer service agents
• Automated self-service/AI assistants
• Customer service performance and analysis
• Personalized customer service

9. Software
development

• Legacy code migration and modernization
• Developer code assistant
• Automating code development
• Testing code/QA

3. Cybersecurity
and resilience

• Threat and anomaly detection
• Enterprise resilience monitoring

10. Sustainability • Supply chain transparency
• Energy optimization
• Material reuse, circular economy/products

4. Marketing • Customer segmentation
• Optimizing marketing strategy
• Marketing asset creation
• Personalized marketing

11. Workforce • Performance management
• Talent acquisition and management
• Assist employee work�ow
• Personalized onboarding and employee

experience
• Workforce management and scheduling

5. Sales and
revenue

• Find cross-sell/up-sell opportunities
• Churn prevention
• Optimizing sales strategy
• Supporting sales executives
• E-commerce product recommendations

12. Procurement
and supply chain

• Supplier risk assessment
• Supply chain optimization
• Supply chain forecasting
• Procurement and contract management
• Protecting the bid process

6. IT, operations,
and facilities

• Asset management
• AI-orchestrated processes
• Smart buildings/smart warehouse

automation
• Incident management and ticketing

13. Manufacturing • Smart, connected factory
• Preventive maintenance for assets
• Quality assurance with autonomous

decision making (defect detection)
• Safety, security, and risk assessment
• Demand forecasting and inventory

7. Product
development

• Product design and innovation
• Product testing
• Personalized product development

14. Finance • Invoice and payment processing
• Expense management
• Cash�ow forecasting/optimization
• Automated �nancial reporting

type to date (from any start date). This was 
followed by questions about the amount of 
operational or business model change as well 
as the amount of change in data structures 
and technical architecture needed for each 
use case type. Finally, respondents were 

asked about the proportion of their user base 
that accepted and used the AI tool deployed 
(if any) for each use case type. The same 
series of questions was asked of industry-
specific use case types for the industry of the 
respondent (Figure A2).

Source: Infosys Knowledge Institute
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Figure A2. Industry-specific use case types

8. Life sciences • Drug discovery
• Clinical trials
• Image and voice processing and diagnosis
• Regulatory and submissions
• Personalized and digital medicine

Industry Industry-speci�c use case Industry Industry-speci�c use case

1. Automotive • Autonomous driving agents
• Immersive vehicle infotainment with

voice assistant
• AI-powered navigation systems with �eet

management
• Vehicle diagnostics and predictive maintenance
• Vehicle usage analysis for usage-based insurance

9. Logistics • Delivery route optimization
• Returns management
• Automated warehousing
• Capacity management
• Autonomous delivery vehicles
• Predictive maintenance

2. Consumer
packaged
goods

• Price pack architecture
• Recipe creation
• Loyalty programs
• Visual merchandising
• Smart and sustainable packaging
• AI-driven new product launch execution

10. Manufacturing • Streamlined product development and design
• Parts procurement and contract management
• Smart, automated factory with preventive

maintenance
• Digital supply chain and logistics
• Quality assurance with autonomous decision

making

3. Energy,
mining, and
utilities

• Environmental impact modeling
• Carbon capture, utilization, and storage (CCUS)
• Energy trading
• Building electri�cation
• Predictive maintenance
• Exploration

11. Retail • Physical retail experience
• E-commerce retail experience
• Sta� scheduling
• Virtual try-on
• Consumer research
• Returns management

4. Financial
services

• Reconciliations
• Dispute prediction
• KYC
• Pretrade analytics
• Trade �nance

12. Travel and
hospitality

• Disruption management of �ights
• O�er bundling
• Sta� planning
• Security management
• RFP management for large hotel events

5. Healthcare • Radiology
• Patient triage
• Personalized treatment and care
• AI-enhanced telemedicine

13. Telecommunications • Network life cycle management
(planning/design/optimization/slicing)

• Smart network operations (includes predictive
maintenance, self-healing, an digital twins)

• Network security
• Wireless channel modeling
• Customer onboarding or registration

6. High tech • Silicon design
• Process optimization for better yield
• Self-optimizing data centers
• Digital twins of complex systems

14. Professional
services

• Sta� utilization
• Market/client research and strategic planning
• Project/case management
• Client advisory services
• Ethics, compliance, and reporting

7. Insurance • Application approval, policy management,
and renewals

• Claims processing
• Risk assessment and underwriting
• Telemetry 

15. Public sector • Decision management 
• Personalized bene�ts counseling
• Eligibility determination
• Case management
• Regulatory compliance
• Accessibility

Source: Infosys Knowledge Institute
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Expert analysis and interviews
Interviewed AI experts to formulate and validate which AI use cases and use case types are most 
salient to each category or industry, and to gain additional insights into the findings.

Survey
Surveyed 3,798 senior executives, representing more than 3,200 companies, between 
December 2024 and January 2025 about AI use cases being pursued at their companies. 
Respondents represent businesses with more than $1 billion in annual revenue across 14 
industries in the US, Canada, UK, France, Germany, Nordics, Australia, and New Zealand. We 
also included public sector organizations with budgets of $1 billion or more from the US 
and Canada.

See Appendix A for specific survey methodology for use case types.

Model
Created scores for viability (based on probability of success), required transformation, and 
acceptance of AI tools for each use case type. Viability scores were weighted to favor use cases 
that had achieved most or all business objectives. Each of the three scores is normalized relative 
to a mean of 1 for more meaningful visualization. Adjusted average spending is the spending 
adjusted for company size (those with larger revenues tend to spend more on use cases and 
those with smaller revenues tend to spend less), where 1 represents the average spending per 
implementation ($1.96 million).

APPENDIX B: 
RESEARCH 
APPROACH
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